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Introduction 

Background 

AI has been a game changer in the financial world, especially with regard to prediction and investment strategies. 

Algorithms driven by AI over the past 5 years have improved decision making, data handling and predictions. Manual 

calculation based forecasting using historical data would not be able to address the complexities and rapid changes of the 

market. But with machine learning and deep learning, AI has really made an impact using really big data, globally 

including market sentiment at speeds and accuracy never before possible. 

AI investment in the financial industry amounted to 35 billion by 2023, with 21 billion of this amount being funded by 

banks. Thousands of financial reports are monitored in real time by AI tools like BlackRock’s Aladdin platform and 

provide actionable insights for proactive decisions and risk management. AI also enhances portfolio management and 

algorithmic trading systems, delivers more reliable forecasts of the future and investment strategies that better withstand 

economic shocks. And, it turns out that those built on AI can perform better than those built on foundries, to put it another 

way. 

There are many other challenges including but not limited to data quality, model transparency and ethical concerns. AI 

models like any other models are only as good as the data they are fed with. The competitive nature of these algorithms 

makes it hard to be accountable to identify if the algorithms are indeed fair. But these challenges must be met as AI 

continues to shape the future of financial forecasts and investment strategies. 
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The chart shows AI use cases in financial services globally, with fraud detection (58%) being the top use case. Other 

big areas are finance process automation (41%), cybersecurity (33%), personalization of services (33%), customer 

care (31%) and asset management (25%). This shows the growing role of AI in security, efficiency and customer 

experience in the financial sector. 

 

Problem Statement 

Despite the advancements AI driven algorithms have brought to financial forecasting, many challenges remain in 

integrating these into investment strategies. Traditional financial forecasting methods were good in their time but don’t 

address the complexity of modern financial markets. Relying on static data inputs, historical trends and human expertise 

makes traditional models less adaptable to the volatile nature of global financial systems. Traditional methods also don’t 

account for the huge amounts of unstructured data (social media sentiment, news articles, real-time economic shifts) that 

impact stock prices. 

The problem this paper addresses is the gap between traditional methods that can’t provide accurate real-time forecasts 

and AI driven algorithms that use big data to make data driven decisions. How can AI algorithms improve forecasting and 

investment strategies? What have been the advancements in the last 5 years and how have they impacted decision making 

in financial institutions? 

 

Research Objective 

The research endeavor herein is intended toward investigating the transformational role of AI in enhancing the accuracy 

of financial forecasting models and the performance of investment strategies in the last five years. The overarching object 

of this research consists in analyzing how AI algorithms have influenced traditional predictive methodologies, thereby 

making them responsive to the input of data. Besides, this paper intends to assess the effectiveness of AI-powered 

investment strategies in stock markets, particularly in the domains of portfolio management, algorithmic trading, and risk 

assessment. As these advancements are addressed, the contributions of this paper will incorporate, among others, insight 

into the advancement of financial forecasting and investment strategy with special reference to artificial intelligence. 

 

Research Questions 

1. How have AI algorithms changed financial forecasting? 

2. In what ways have these AI algorithms improved investment strategies? 

3. What will be the future trends of AI in financial forecasting and investment management? 

 

Significance of Study 

The results of this study are of importance to stock market analysts, investors, and financial institutions. With the further 

improvement of AI, the effect of AI on financial prediction and investment strategy will play a significant role in revealing 

its best application for decision-makers to optimize their process. The potential to more accurately and sooner predict 

stock market movements means that AI has much to offer stock market analysts who want to do the best by their bettors 

and provide a guarantee of return into their portfolio. For the investor, application of AI-assisted algorithms allows 

investment strategies to be developed that are more robust against market volatilities. However, in contrast, financial 

institutions are likely to also take advantage of AI's capability in automating processes, intensifying risk management 

practices, and increasing the efficiency and effectiveness of financial planning and analysis. 
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In addition, the lessons learned by this paper will be a rich source of information for anyone considering the ethical and 

practical issues of AI integration within finance. With AI technology spreading more and more widely, it is more than 

ever essential to understand accurately its abilities and its weaknesses, so as to properly guide its responsible and 

explainable application. 

 

Artificial Intelligence Market 

 
Source: Statista Market Insights 

 

AI encompasses various technologies, including robotics, machine learning, autonomous systems, sensor technology, 

computer vision, and natural language processing. According to the latest data from Statista Market Insights, the AI 

market, valued at $108 billion in 2020, is projected to grow significantly to $738 billion by 2030 — an impressive increase 

of approximately 683% over the decade. 

 

Literature Review 

Historical Context: Forecasting Methods and Investment Strategies before AI 

Before the rise of artificial intelligence (AI), financial forecasting and investment strategies were primarily represented 

by traditional, often inaccurate methods so dependent on the observation of statistical models and subjectivity. 

Representations of these kinds of models are, for example, linear regression, moving averages, or time series analysis. 

These are models that rely on historical information to compute a prediction of future activity. Despite of being useful in 

predictions of market movements, they were impractical. Previous techniques were unable to handle outlier events, i.e. 

Market disruptions by a complex and evolving interaction of many external factors that can be altered at high speed (Kuhn 

Johnson 2013). 

 

Statistical models like the linear regression also assumed linear relationships between variables. They were incapable of 

predicting non-linear kinds of market movements or establishing complex relationships between various factors affecting 

the market (Tsay 2010). Meanwhile, moving averages could be useful in smoothing out fluctuations via attempts to 

ascertain in real time developments in market variables; yet, they were simplistic in semantics and failed to account 

coherently for even simulated market variables (Elliott & Timmermann 2005). These models also required manual 

recalibration, hardly allowing prompt responses to these anomalous market shocks. 

As pertains to the investment strategies, traditional methods mostly integrated fundamental and technical analysis. The 

former seeks to analyze the company’s financial position through performances in respect to the various indicators, such 

as earnings report, balance sheet, and macroeconomic indicators. The latter, on its part, would consider historical price 

movements and chart patterns in hopes of forecasting future trends of stocks (Murphy1999). Although the methods still 

have their uses, they are certainly limited by human judgment and the systems' inability to process vast volumes of 

information with efficiency. 

Other quantitative models, such as the Capital Asset Pricing Model (CAPM), shifted the focus temporarily from historical 

data into assumptions about risk and returns. Nevertheless, they found themselves in trouble with the ever-impending 

changings of the market environment (Sharpe 1964). 

 

AI in Financial Forecasting 

The path that AI, especially machine learning and deep learning, has opened for finance and investment forecasting is 

incredible, as AI can forecast faster and far more precisely than an ordinary one. Unlike the earlier forecasting methods, 

AI can look at mountains of data and notice patterns according to which forecasting operations could be carried out, 

whereas huge data remains an untouchable area for human-driven models. 
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These models function better than traditional forecasting methods with features that offer them increased accuracy and 

scalability and learn continuously from new data. With the likes of neural networks, support vector machines (SVM), and 

decision trees being deployed to predict stock prices, enhance risk management strategies, and market sentiment analysis 

(Raza, 2023), AI models update themselves on their own as more data arrives, in contrast to older models which must be 

recalibrated, improving themselves over time (Huang et al., 2005). 

Natural Language Processing (NLP) is yet another breakthrough that AI has been providing the way for financial 

institutions to analyze unstructured text data (news articles and social media sentiment), with a general implication for the 

task of prediction (Liu et al., 2016). The other side on which AI contributes to further enhancements of prediction is in 

sentiment analysis which analyzes the emotional tone of public opinion for the purpose of gaining insights into potential 

market movements(Zhang et al., 2018). 

 

AI in Investment Strategies 

AI has revolutionized investment strategies, particularly automated trading, portfolio optimization, and market prediction. 

One of the most significant applications of AI in investing strategies comes in algorithmic trading, in which systems are 

built to execute trades when there are trading opportunities identified in real time faster and with much higher accuracy 

than that achieved by human traders (Aldridge, 2013). These systems analyze historical market data using machine 

learning algorithms and also weigh volatility and react to any changes in market sentiment within milliseconds. 

AI-integrated portfolio optimization has acquired natural prominence among asset management solutions due to potential 

diversification by real-time risk-return profiling. By continuously adjusting portfolios on the basis of changing market 

conditions, they have stood the test of time on the evolution of traditional models (Markowitz, 1952). BlackRock and 

Renaissance Technologies, among others in the industry, have successfully adopted AI to maximize optimization returns 

with optimum risk (Santos, 2022).The utilization of time-series data is one of the larger advantages deep learning models 

such as LSTM and RNN bring to stock price predictions and volatility forecasting (Fischer & Krauss, 2018). 

 

Gap Identification: Recent Developments in AI Technology in Finance 

Despite the development boosted by AI of financial prediction and investment approaches, there are still some obstacles. 

The main reason lies in the quality of data because the performance of each AI model is directly dependent on the training 

data for that AI model. Unreliable and prejudiced data/facts result in unreliable predictions and wrong financial decisions. 

It is rather a concern as markets become more and more complex; thus, proper quality of the data is going to be a critical 

one. 

Another hurdle would be the interpretability of the AI algorithms, and deep learning networks have always been known 

for being black boxes. Financial experts face significant challenges in trusting or interpreting the AI-predicted predictions 

because of the cloud. This becomes critically important in sensitized fields like finance that demand due diligence and 

clarity (Lipton, 2016). Eventually, ethical apprehensions about the application of AI in finance are on the increase. The 

use of AI in risk assessments for investments in credit decisions must provide frameworks for dealing with issues of bias 

and discrimination so that equitable decisions can be made in financial markets (O'Neil). 

 

Conclusion 

AI had a significant impact on financial forecasting and investment strategies and therefore provided a more adaptable, 

accurate, and data-driven approach to decision-making. Some limitations regarding data quality, the explainability of the 

model, long-term forecasting, and more recently ethical issues need to be investigated further. These gaps need to be 

closed so that the development use of AI continues across finance. 

 

Methodology 

The methodology of this research is based on secondary data and takes a qualitative approach in examining the 

implementation of AI-driven algorithms in financial forecasting. To facilitate the research, data will be collected from 

among other sources, historical stock market data from reputed exchanges - NYSE, and NASDAQ; financial reports of 

some of the leading investment firms; and related case studies of AI applications in finance. The assessment of the AI 

algorithms will be made based on some cardinal principles: accuracy with respect to prediction, speed, and adaptability, 

based on literature and data regarding its performance. Constraints in data availability and variability of AI algorithms 

have been acknowledged to pose limitations on the study, which will be mitigated in future work through careful selection 

of secondary data sources and an explicitly documented analytical process. 
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Analysis 

 
Source: Market.us 

 

The Global AI in Finance Market is expected to grow from $12.4B in 2023 to $73.6B by 2033. This is on track to grow 

with a CAGR of 19.5%. Increased adoption of AI-based solutions and services show that it plays an increasingly bigger 

role in financial forecasting, risk management, and investment strategies. Growth is forecasted to accelerate after 2028, in 

acknowledgement of the growing impact AI is having on the finance industry. 

 

 
Source: Grand View Research 

 

The pie chart gives the market share of generative AI in financial services, by the year 2023, with a total market size 

estimated to be 1.7 billion. Retail banking holds the largest market share, followed by corporate banking and insurance 

companies. Investment firms, hedge funds, and fintech companies are other sizable portions, which show that AI is widely 

embraced across various areas of finance. 

 

Algorithm Performance 

Compared to traditional finance forecasting models, AI algorithms have proved themselves effective. To combat fraud, 

JPMorgan Chase employs advanced machine learning models that work daily to monitor transactions across millions of 
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accounts and accurately detect fraud with minimal false positives. These AI systems analyze big data in real-time, enabling 

the identification of patterns and anomalies for the securement of financial operations more than conventional methods 

will allow. 

Renaissance Technologies analyzes market data using perplexing AI algorithms with a better historical return on 

investment than conventional investment strategies because of the AI-powered model capable of deciphering complex 

and extensive data for informed and instantaneous investment decisions in investment management. 

 

Case Studies and Examples 

1. BlackRock's AI Integration 

BlackRock, the world's largest investment management firm, utilized AI to accurately address a dynamic market theme. 

BlackRock utilizes large language models (LLMs) to analyze a broad array of topics-from secular trends to mega forces 

emerging-which drive significant returns on various securities. The analysis of market themes conducted by AI affords a 

nuanced investment process that transcends traditional boundaries of differentiation such as industries, styles, or 

geographies. 

blackrock.com 

 

2. AI-Powered Exchange-Traded Funds (ETFs) 

The Amplify AI-Powered Equity ETF (AIEQ) embodies the employment of AI in portfolio management. This ETF 

employs IBM's Watson in an analysis of millions of data points regarding company fundamentals, market trends, and 

news sentiment to produce a dynamic investment portfolio. It is a self-learning AI system which adapts stability of returns 

by selecting stocks based on comprehensive consideration of several criteria. 

investopedia 

 

Performance Comparison of AI-Powered ETF (AIEQ) vs. S&P 500 ETF (2024–2025) 

 
Source: Google Finance 

 

The chart compares the performance of the Amplify AI-Powered Equity ETF (AIEQ) and the SPDR S&P 500 ETF from 

early 2024 to January 2025. The S&P 500 ETF (yellow line) outperformed AIEQ (blue line), achieving a 25.08% increase 

compared to AIEQ’s 19.54% gain. This highlights that while AI-driven portfolio management can efficiently analyze vast 

data sets and identify patterns, it does not necessarily guarantee better returns than traditional index-based investing. 

 

3. FinSecure Bank's Fraud Detection 

Derivative types of financial frauds have accosted FinSecure Bank, these brought sizable losses in figures and the 

degrading of customer reliance. To counter mixed financial frauds, the bank went ahead and developed an AI-based fraud 

detection system capable of processing transaction patterns in real-time. Within its first year of implementation, the AI 

mechanism was able to reduce fraud activities by nearly 60%, indicating the prospects AI based on a decisive growth in 

a bank would augment security and operational efficiencies. 

digitaldefynd 

 

 

https://www.blackrock.com/us/individual/insights/ai-investing
https://www.investopedia.com/using-ai-to-transform-investment-strategy-8778945
https://digitaldefynd.com/IQ/ai-in-finance-case-studies/?
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Comparative Analysis 

A comparison of AI- and ML-based models against traditional forecasting methods shows very different predictive 

performance levels. Traditional models generally use static data and assumptions decided beforehand; they are not flexible 

enough to adapt in this fast-changing market scenario. On the contrary, AI algorithms use streaming and extensive kinds 

of datasets to identify the more complex patterns in the market, with their predictive analytics adjusting according to 

market conditions. For instance, AI-based ETFs such as AIEQ can quickly reallocate their assets in response to developing 

street trends and market factors as opposed to their traditional counterparts, which, because of their manual rebalancing 

processes, will always lag behind. So, the performance of an AI-based portfolio compared to a traditional one can be more 

reactive and dynamic. 

In essence, the quick changing dynamics between the sector have made it clear that AI in financial forecasting and 

investment is the future because it has a measurable increase in accuracy, efficacy, and sensitivity. The mentioned use 

cases highlight the pragmatic dimension that AI applications bring to finance; from better fraud detection to dynamic 

portfolio management, seems to give their long-lasting impression foregone in stock backgrounds for finance. 

 

 
Source: Genpact 

 

The chart compares the actual sales with predictions from an ML model and a traditional model over time. The ML model 

(in the red) matches very closely with actual sales (the dark blue line) and is considerably more accurate than the traditional 

model (the light blue), which has much greater deviations. This indicates that ML-based forecasting has been more 

directed toward market phenomena even as it does allow for exceptions sometimes. . 

 

5. Results 

The use of Artificial Intelligence (AI) for finance forecasting and investment approaches has led to significant advances 

in predictive accuracy and strategic performance. This section presents findings on the accuracy enhancements achieved 

through AI implementation, examines the impact on investment strategies, and discusses additional insights, including 

limitations observed in volatile market conditions. 

 
Findings on Accuracy 

Financial predictions have benefited greatly from the use of AI-driven algorithms. There has been a study on the use of 

artificial intelligence (AI) in financial modeling and the authors found an improvement of 12% in predictive accuracy 

using AI-enhanced portfolios over conventional models. This enhancement is explained by the superior data processing 

ability of AI, which facilitates sophisticated exploitation of complex datasets and subtle identification of intricate market 

patterns. 

In addition, the capacity of AI to work with and learn from unstructured data, e.g., social media and web content, has 

specifically enriched forecasting models. Integrating these disparate data sources has been demonstrated to greatly 

enhance the precision of the forecast, in environments where traditional data is scarce. 

mckinsey.com 

 

Investment Strategy Enhancements 

The use of AI in investment approaches has resulted in quantifiable performance enhancement. For example, the T. Rowe 

Price Science Technology Fund, leveraging AI in its investment strategy, showed an exceptional 40.3% return in 2024 

exceeding the S&P 500's 23% return in the same period. This success highlights AI's capability of spotting promising 

investment opportunities and improving portfolio performance. 

https://www.mckinsey.com/capabilities/operations/our-insights/ai-driven-operations-forecasting-in-data-light-environments?
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marketwatch.com 

 

Moreover, risk management strategies have been improved by the use of AI and allowing more reliable and timely 

evaluation. Machine learning algorithms can analyze historical data and current market conditions to identify potential 

risks, allowing investors to proactively adjust their portfolios. This forward looking strategy to risk reduction has become 

a defining feature of contemporary investment practices. 

analyticsinsights 

 

Additional Insights 

Although AI has many potential benefits, some restrictions have been identified, especially in the case of the most volatile 

markets. AI models, which rely heavily on historical data, may face challenges in adapting to unprecedented market events 

or sudden shifts in economic conditions. This constraint emphasizes the need for constant model updates and the 

incorporation of current state data in order to continue to predict correctly. 

Conclusion AI implementation in financial forecasting and investment activities has been achieved with tremendous 

increases in accuracy and performance. However, ongoing attention to model adaptability, transparency, and the 

incorporation of diverse data sources is essential to fully harness AI's potential in dynamic financial markets. 

 

Growing Reliance on AI for Competitive Advantage in Financial Forecasting and Investment Decision-Making 

The proliferation of artificial intelligence (AI) technologies into financial forecasting and investment decision making 

presents institutions with a broader array of opportunities for gain that they may not have envisioned before. There has 

been a growing use of these AI (artificial intelligence) technologies (in an attempt to increase predictive accuracy, to 

optimize investment decisions and to improve financial results) in which studies and industry reports have addressed this 

issue. 

 

Increased Adoption of AI in Financial Services 

There have been massive strides in the area of AI adoption in the financial world. An industry report by 

MarketsandMarkets gives an estimate for the AI in the financial services market, which is expected to grow from 9.5 

billion US dollars to 31.7 billion US dollars in 2027 at a CAGR of 27.6%. 

Techbullion.com 

 

The increasing adoption is a conscious step taken by the industry to apply AI products for delivering analytics and decision 

making, better. 

 

Case Studies Demonstrating Competitive Advantage 

1. Pictet Asset Management's AI-Driven Fund: The Quest AI-Driven Global Equities fund interleaves index tracking 

with the use of computer-science-based, rule-making machine-learning techniques for stock selection, which it claims 

outperform conventional market indices as a result of the substantial historical data they are used to gain knowledge from. 

The return on the fund, from its inception to about six months, was 17.3%, versus 12% through the MSCI World. 

2. MarketSenseAI Framework: Investigators engineered MarketSenseAI, a new framework to select stocks using the 

latest intelligence. The architecture is nourished by a variety of data sources, from market conditions to news content and 

macroeconomic factors, thereby replicating expert investment decisions. Empirical verifications demonstrate outstanding 

results on S&P 100 stocks over 15 months, achieving results above the alpha range of 10%-30% and 72% cumulative 

return with similar risk profiles compared to the overall market. 

 

Discussion 

Interpretation of Results 

The promising advent of Artificial Intelligence in applying financial forecasting and investment decision-making practices 

has already meant improved accuracy in forecasting and adjustment in performance tandem. Some studies suggest that 

AI-driven models can improve forecasting accuracy by up to 15%, with a corresponding 20% fall in forecast errors. For 

example, the Quest AI-Driven Global Equities fund by Pictet has yielded a return of 17.3% against a 12% return for the 

MSCI World index over the course of half a year. 

markovate 

 

But these advances are not without their associated hiccups. AI models could perform poorly in a volatile marketplace, 

where the developing conditions happen too swiftly and unpredictably for forecast accuracy. Moreover, reliance upon 

historical data may overlook unprecedented occurrences that would, by inference, stamp out the reliability of AI-driven 

forecasts. 

 

Implications for Investors 

For investing professionals, the incorporation of AI into financial forecasting offers more opportunities than threats. 

Greater accuracy and efficiency of AI-driven models will empower investors to gain more informative investment 

https://www.marketwatch.com/story/this-fund-surged-40-last-year-the-manager-likes-netflix-and-these-two-stocks-b1405477?
https://www.analyticsinsight.net/artificial-intelligence/impact-of-ai-on-investment-strategies?
https://techbullion.com/ai-in-financial-forecasting-case-studies-and-tools
https://markovate.com/ai-financial-forecasting
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decisions and some potentially higher returns. Nevertheless, feelers should be kept out all through for the inherent faults 

of AI, especially when fortune-telling in unpredictable market conditions is the order of the day. AI would be better 

embedded as an assistant tool to human judgment since it shall imbue a more balanced approach to investment strategies. 

 

Conclusion 

The findings demonstrate how AI systems are becoming increasingly significant in financial forecasting and investment 

decision-making. Models driven by artificial intelligence significantly improve predictive accuracy, lessen risk, and 

promote returns on investment. The problems of sudden changes in market conditions as well as the need for ongoing 

refinement still exist. Yet few people doubt that there is great promise for AI to improve forecasts in financial lots. 

This paper offers a glimpse into the contribution of AI in improving decision-making in finance. The study demonstrates, 

using real-life examples, that AI-based investment strategies have better returns than traditional strategies with current 

risk management and better asset allocations in mind. AI has major limitations in very volatile markets, but this study 

provides terrific lessons for investors and financial institutions in making better decisions. 

Financial organizations can use AI-based algorithms in a number of ways to improve their strategies. Early signals that 

point to a potential market downturn enable risk managers to adjust the methodologies in parallel. Portfolio optimization 

works in conjunction with the ability of AI to analyze past experiences and the current instabilities to come up with the 

best possible allocation of different assets. Split-second decision-making, which maximizes returns, is possible only 

through automated trading systems powered by AI. AI enables businesses, however, to understand their consumers better 

by personalizing investment recommendations to reflect individual risk tolerance and financial goals. 

 

References 

1. AI in Finance Market Size, Share | CAGR at 19.5%. (2024). Market.us. https://market.us/report/ai-in-finance-market/ 

2. Aldrige. (2017). High-frequency trading : a practical guide to algorithmic strategies and trading systems. EconBiz. 

https://www.econbiz.de/Record/high-frequency-trading-a-practical-guide-to-algorithmic-strategies-and-trading-

systems-aldridge-irene/10003863549 

3. Amar, J., Rahimi, S., Surak, Z., & Nicolai von Bismarck. (2022, February 15). AI-driven operations forecasting in 

data-light environments. McKinsey & Company. https://www.mckinsey.com/capabilities/operations/our-

insights/ai-driven-operations-forecasting-in-data-light-environments 

4. Ashish Sukhadeve, & Scott-Briggs, A. (2024, October 23). AI in Financial Forecasting: Case Studies and Tools. 

TechBullion. https://techbullion.com/ai-in-financial-forecasting-case-studies-and-tools 

5. Chen, X., Xie, H., Li, Z., Zhang, H., Tao, X., & Wang, F. L. (2025). Sentiment analysis for stock market research: 

A bibliometric study. Natural Language Processing Journal, 100125. https://doi.org/10.1016/j.nlp.2025.100125 

6. Elliott, G., & Timmermann, A. (2008). Economic Forecasting. Journal of Economic Literature, 46(1), 3–56. 

https://doi.org/10.1257/jel.46.1.3 

7. Ferrara, E. (2023). FAIRNESS AND BIAS IN ARTIFICIAL INTELLIGENCE: A BRIEF SURVEY OF SOURCES, 

IMPACTS, AND MITIGATION STRATEGIES. FAIRNESS and BIAS in ARTIFICIAL INTELLIGENCE: A BRIEF 

SURVEY of SOURCES, IMPACTS, and MITIGATION STRATEGIES, 2. https://arxiv.org/pdf/2304.07683 

8. Fischer, T., & Krauss, C. (2018). Deep learning with long short-term memory networks for financial market 

predictions. European Journal of Operational Research, 270(2), 654–669. 

https://doi.org/10.1016/j.ejor.2017.11.054 

9. Higher Intellect Documents. (2025, January 17). John J. Murphy - Technical Analysis of the Financial Markets 

(1999) - Higher Intellect Documents. Higher Intellect Documents. https://preterhuman.net/docs/John_J._Murphy_-

_Technical_Analysis_of_the_Financial_Markets_(1999)#google_vignette 

10. Huang, W., Nakamori, Y., & Wang, S.-Y. (2005). Forecasting stock market movement direction with support vector 

machine. Computers & Operations Research, 32(10), 2513–2522. https://doi.org/10.1016/j.cor.2004.03.016 

11. Jain, A. (2024, July 30). Impact of AI on Investment Strategies. Analytics Insight. 

https://www.analyticsinsight.net/artificial-intelligence/impact-of-ai-on-investment-strategies 

12. Khan, A., Shah, A., Ali, A. M., Shahid, R., Zaka Ullah Zahid, Malik Umar Sharif, Jan, T., & Mohammad Haseeb 

Zafar. (2023). A performance comparison of machine learning models for stock market prediction with novel 

investment strategy. PLOS ONE, 18(9), e0286362–e0286362. https://doi.org/10.1371/journal.pone.0286362 

13. Kollmeyer, B. (2025, February 13). This fund surged 40% last year. The manager now likes Netflix and these two 

stocks. MarketWatch. https://www.marketwatch.com/story/this-fund-surged-40-last-year-the-manager-likes-

netflix-and-these-two-stocks-b1405477 

14. Krauss, C., Do, X. A., & Huck, N. (2017). Deep neural networks, gradient-boosted trees, random forests: Statistical 

arbitrage on the S&P 500. European Journal of Operational Research, 259(2), 689–702. 

https://doi.org/10.1016/j.ejor.2016.10.031 

15. Kuhn, M., & Johnson, K. (n.d.). https://vuquangnguyen2016.wordpress.com/wp-content/uploads/2018/03/applied-

predictive-modeling-max-kuhn-kjell-johnson_1518.pdf 

16. Lipton, Z. C. (2017). The Mythos of Model Interpretability. ArXiv:1606.03490 [Cs, Stat], 3. 

https://arxiv.org/abs/1606.03490 

17. Markowitz, H. (1952). Portfolio selection. The Journal of Finance, 7(1), 77–91. https://doi.org/10.2307/2975974 

18. Osman, N. A., Mohd Noah, S. A., Darwich, M., & Mohd, M. (2021). Integrating contextual sentiment analysis in 

collaborative recommender systems. PLOS ONE, 16(3), e0248695. https://doi.org/10.1371/journal.pone.0248695 

https://market.us/report/ai-in-finance-market/
https://www.econbiz.de/Record/high-frequency-trading-a-practical-guide-to-algorithmic-strategies-and-trading-systems-aldridge-irene/10003863549
https://www.econbiz.de/Record/high-frequency-trading-a-practical-guide-to-algorithmic-strategies-and-trading-systems-aldridge-irene/10003863549
https://www.mckinsey.com/capabilities/operations/our-insights/ai-driven-operations-forecasting-in-data-light-environments
https://www.mckinsey.com/capabilities/operations/our-insights/ai-driven-operations-forecasting-in-data-light-environments
https://techbullion.com/ai-in-financial-forecasting-case-studies-and-tools
https://doi.org/10.1016/j.nlp.2025.100125
https://doi.org/10.1257/jel.46.1.3
https://arxiv.org/pdf/2304.07683
https://doi.org/10.1016/j.ejor.2017.11.054
https://preterhuman.net/docs/John_J._Murphy_-_Technical_Analysis_of_the_Financial_Markets_(1999)#google_vignette
https://preterhuman.net/docs/John_J._Murphy_-_Technical_Analysis_of_the_Financial_Markets_(1999)#google_vignette
https://doi.org/10.1016/j.cor.2004.03.016
https://www.analyticsinsight.net/artificial-intelligence/impact-of-ai-on-investment-strategies
https://doi.org/10.1371/journal.pone.0286362
https://www.marketwatch.com/story/this-fund-surged-40-last-year-the-manager-likes-netflix-and-these-two-stocks-b1405477
https://www.marketwatch.com/story/this-fund-surged-40-last-year-the-manager-likes-netflix-and-these-two-stocks-b1405477
https://doi.org/10.1016/j.ejor.2016.10.031
https://vuquangnguyen2016.wordpress.com/wp-content/uploads/2018/03/applied-predictive-modeling-max-kuhn-kjell-johnson_1518.pdf
https://vuquangnguyen2016.wordpress.com/wp-content/uploads/2018/03/applied-predictive-modeling-max-kuhn-kjell-johnson_1518.pdf
https://doi.org/10.2307/2975974
https://doi.org/10.1371/journal.pone.0248695


Volume-11 | Issue-01 | January 2025 154 

19. Raza, F. (2023, November 18). Machine Learning for Financial Forecasting. 

https://doi.org/10.13140/RG.2.2.35701.96483 

20. Roy, M. (2017). Cathy O’Neil. Weapons of Math Destruction: How Big Data Increases Inequality and Threatens 

Democracy. New York: Crown Publishers, 2016. 272p. Hardcover, $26 (ISBN 978-0553418811). College & 

Research Libraries, 78(3), 403. https://doi.org/10.5860/crl.78.3.403 

21. Santos, G. C., Barboza, F., Veiga, A. C. P., & Gomes, K. (2022). Portfolio Optimization using Artificial Intelligence: 

A Systematic Literature Review. Exacta. https://doi.org/10.5585/exactaep.2022.21882 

22. Sharma, A. (2024, November 14). The Importance of AI in the Finance Industry - Case Studies and More. A3Logics. 

https://www.a3logics.com/blog/ai-in-the-finance/ 

23. Sharma, R. (2024, December 10). Markovate. Markovate. https://markovate.com/ai-financial-forecasting 

24. Sharpe, W. F. (1964). Capital Asset Prices: A Theory of Market Equilibrium Under Conditions of Risk. The Journal 

of Finance, 19(3), 425–442. https://onlinelibrary.wiley.com/doi/10.1111/j.1540-6261.1964.tb02865.x 

25. systematic-investing. (2024). How AI is Transforming Investing | BlackRock. BlackRock. 

https://www.blackrock.com/us/individual/insights/ai-investing 

26. Team DigitalDefynd. (2024a, August 7). 20 AI in Finance Case Studies [2025]. DigitalDefynd. 

https://digitaldefynd.com/IQ/ai-in-finance-case-studies/ 

27. Team DigitalDefynd. (2024b, August 7). 20 Generative AI in Finance Case Studies [2025]. DigitalDefynd. 

https://digitaldefynd.com/IQ/generative-ai-finance-case-studies 

28. Tsay, R. S. (2010). Analysis of Financial Time Series. In Wiley Series in Probability and Statistics. John Wiley & 

Sons, Inc. https://doi.org/10.1002/9780470644560 

29. Ungarino, R. (2025, February 11). AI Will Affect Nearly “Every Part” of Wells Fargo, CFO Says. Barrons; Barrons. 

https://www.barrons.com/articles/wells-fargo-ai-banking-a6f84c15 

30. Adobe Acrobat. (2022). Adobe Acrobat. Adobe.com. https://acrobat.adobe.com/id/urn:aaid:sc:AP:ca7d42f7-0dbe-

4cdc-908b-9d965105ed89 

31. Arnoldsen, A., Beyer, M., Sheth, H., Demyttenaere, M., Oberauer, A., Shervin Khodabandeh, & Rajesh 

Yanamandra. (2024, September 27). The Power of AI in Financial Planning and Forecasting. BCG Global. 

https://www.bcg.com/publications/2024/power-of-dynamic-steering-in-financial-planning 

32. Bahoo, S., Cucculelli, M., Goga, X., & Mondolo, J. (2024). Artificial intelligence in Finance: a comprehensive 

review through bibliometric and content analysis. Artificial Intelligence in Finance: A Comprehensive Review 

through Bibliometric and Content Analysis, 4(2). https://doi.org/10.1007/s43546-023-00618-x 

33. Infosys Limited. (2024). Unleashing the power of AI in financial forecasting | Infosys BPM. Infosysbpm.com. 

https://www.infosysbpm.com/blogs/finance-accounting/unleashing-the-power-of-ai-in-financial-forecasting.html 

34. The Do’s and Don’ts of Incorporating AI into Financial Forecasting Models. (2021, December). Paro - Professional 

Business Finance and Accounting Solutions. https://paro.ai/blog/ai-forecasting-dos-and-donts/ 

35. The Role of AI in Financial Modeling and Forecasting. (2024, May 29). Coherent Solutions. 

https://www.coherentsolutions.com/insights/ai-in-financial-modeling-and-forecasting 

 

 

 

https://doi.org/10.13140/RG.2.2.35701.96483
https://doi.org/10.5860/crl.78.3.403
https://doi.org/10.5585/exactaep.2022.21882
https://www.a3logics.com/blog/ai-in-the-finance/
https://markovate.com/ai-financial-forecasting
https://onlinelibrary.wiley.com/doi/10.1111/j.1540-6261.1964.tb02865.x
https://www.blackrock.com/us/individual/insights/ai-investing?utm_source=chatgpt.com
https://digitaldefynd.com/IQ/ai-in-finance-case-studies/
https://digitaldefynd.com/IQ/generative-ai-finance-case-studies/?utm_source=chatgpt.com
https://doi.org/10.1002/9780470644560
https://www.barrons.com/articles/wells-fargo-ai-banking-a6f84c15?utm_source=chatgpt.com
https://acrobat.adobe.com/id/urn:aaid:sc:AP:ca7d42f7-0dbe-4cdc-908b-9d965105ed89
https://acrobat.adobe.com/id/urn:aaid:sc:AP:ca7d42f7-0dbe-4cdc-908b-9d965105ed89
https://www.bcg.com/publications/2024/power-of-dynamic-steering-in-financial-planning
https://doi.org/10.1007/s43546-023-00618-x
https://www.infosysbpm.com/blogs/finance-accounting/unleashing-the-power-of-ai-in-financial-forecasting.html
https://paro.ai/blog/ai-forecasting-dos-and-donts/
https://www.coherentsolutions.com/insights/ai-in-financial-modeling-and-forecasting

